INTRODUCTION
While the survey continues to play a prominent role in social sciences research, recent advances in technology have changed data collection methods. In particular, crowdsourcing has risen in popularity as a means to obtain data in a variety of fields of study . Crowdsourcing-a word that blends crowd and outsourcing-is the act of procuring information, ideas, content, and/or services from a collection of individuals, most often online (Howe, 2006) . More specifically, "[crowdsourcing is] the paid recruitment of an online, independent global workforce for the objective of working on a specifically defined task or set of tasks" (Behrend, Sharek, Mead, & Wiebe, 2011, p. 801) .
One particularly popular crowdsourcing platform for social science survey completion is Amazons Mechanical Turk (MTurk), an online labour market that brings together Requesters (i.e. those who need work performed) and Workers (i.e. those who perform the task, such as completing surveys) via short-term contracts (Brawley & Pury, 2016) . Workers can search for and access work for pay, which is often conducted remotely at their convenience (Barnes, Green, & Hoyos, 2015) . Workers can access a variety of Human Intelligence Tasks (HITs), many of which are social science surveys posted by academicians.
As more researchers rely on MTurk Workers (called MTurkers) to complete social science surveys, questions arise regarding the quality of data these respondents provide. A primary goal when designing a survey is to minimise measurement error in the data (Fowler, 2014) , or to enhance data quality. A particular data quality concern is insufficient effort responding (IER), also known as careless responding, which introduces error variance into observed scores (Huang, Liu, & Bowling, 2015) . Participants who engage in IER during survey completion may not read survey directions well, may respond randomly, or may respond without proper attention to survey item content (Huang et al., 2015) . There is a growing literature on IER in survey research in general, but little attention has been given to IER in crowdsourced data, with researchers calling for its examination beyond typical research samples (e.g. undergraduate students and employees) (Huang et al., 2015) . Further, although there have been investigations into the data quality provided by crowdsourcing workers, there remain gaps in the literature. In particular, many researchers have turned to MTurks most experienced workers, those qualified by Amazon as Mechanical Turk Masters (MTMs) , who are presumed to provide the highest quality data. Yet, few studies of this population exist, and there is not enough research evidence to conclude that MTMs do indeed provide higher quality data than regular MTurk workers.
Thus, the current study aims to more deeply examine the data quality provided by MTMs by being the first to tap into the individual perspectives of these experienced workers, thus seeing what attitudes and beliefs of these respondents relate specifically to data quality. Additionally, while there is some evidence that researchers efforts to improve data quality can be effective (e.g. instructional manipulation checks; Oppenheimer, Meyvis, & Davidenko, 2009) , these efforts with an MTM population are unknown. Thus, the current study uses both quantitative and qualitative survey items in an in-depth investigation of the perceptions of MTMs related to their motivation and attentiveness for responding. We further explore the relation between MTMs perceptions and data quality by surveying both US-and India-based MTurkers to determine any differences in these samples. This study contributes beyond others in that MTurks most prominent Workers respond to openended questions that help determine what leads them to accept HITs and to provide sufficient effort in responding.
LITERATURE REVIEW

Amazon's Mechanical Turk
Crowdsourcing was practised successfully before global digitalisation and the beginning of the Internet age (Ipeirotis, 2010) , but in 2005, Amazons Mechanical Turk (MTurk) was created and today is a prominent crowdsourcing platform that brings tens of thousands of people together to accomplish tasks. It is estimated that there are approximately 7,500 full-time (Guarino, 2015) and more than 500,000 part-time MTurkers worldwide (Harris, 2014) . The MTurk website describes itself as a marketplace that requires human intelligence (Amazon.com, 2106) . Its objective is to create a streamlined labour market around the idea that people could perform many tasks better than computers, but those tasks required large-scale, expensive outsourcing initiatives . HITs include tasks assigned by researchers, marketers, and scientists (Berinsky, Huber, & Lenz, 2010) . Though other crowdsourcing platforms exist, this study focuses exclusively on MTurkers due to the prevalent use of MTurk as data sources in recent social sciences research.
MTurk and other crowdsourcing platforms have revolutionised the data collection efforts of many academics. Social science researchers encounter a core set of practical constraints in the research process, including the difficulty of recruiting representative samples/subjects, the cost associated with doing so, or expediting the data collection process. MTurk can help alleviate these issues in several ways. First, MTurkers tend to provide more diverse samples than traditional students, allowing researchers to achieve more generalisable results (Buhrmester, Kwang, & Gosling, 2011) , and many view crowdsourcing as a solution to oft-limited participant pools that researchers confront (Gosling, Sandy, John, & Potter, 2010) . In fact, Kees, Berry, Burton, and Sheehan (2017) concluded that their MTurk sample ($0.75 per survey) performed better on manipulation and attention checks and proved more reliable than a QUALTRICS sample ($3.75 per survey).
Second, MTurkers are inexpensive, demanding as little as $0.10-$0.50 per participant for short surveys (Kees et al., 2017; Goodman, Cryder, & Cheema, 2013) . At any given time, there are more than 350,000 Human Intelligence Tasks (HITs) available to MTurkers ranging in payment from $0.01 to more than $100 (Amazon.com, 2016) . Buhrmester et al. (2011) concluded that data quality of MTurkers seemed to be independent from compensation, although Bartneck, Duenser, Moltchanova, and Zawieska (2015) found that MTurkers tend to complete more tasks when they are paid more money.
Finally, the MTurk process is fast; most research data quotas can be filled in hours (Berinsky et al., 2012) , and researchers using MTurk need fewer physical resources, can simplify logistics, and can eliminate data entry errors (Behrend et al., 2010) . Thus, an increasing number of investigators have adopted crowdsourcing platforms and published studies in top journals that utilised data from MTurkers (Goodman et al., 2013; Peer, Vosgerau, & Acquistui, 2014) . Moreover, scholars from more than half the top thirty US universities used MTurk data for behavioural research studies in 2013 (Goodman et al., 2013) . As Rouse (2015) noted, researchers have generally been open-minded in terms of new technologies for data collection, as long as they are comfortable with the ways in which the technology changes the research process.
Prior research has explored the quality of data provided by MTurkers. Initially, investigators were concerned with the types and quality of samples crowdsourcing platforms could amass as compared to more traditional data collection methods, and these investigations did not identify meaningful differences between MTurkers and traditional samples (Goodman et al., 2013) . MTurk samples from US populations were found to be comparable to other subject pools, including Internet samples (Berinsky et al., 2012) , except that MTurk samples tended to be more diverse (Buhrmester et al., 2011) . Rand (2012) verified the accuracy of MTurker demographics, and other academics have agreed that these two data collection methods are similar in terms of the psychometric properties (Buhrmester et al., 2011; Behrend et al., 2011; De Beuckalaer & Lievens, 2009) . Though the average MTurker tends to be a bit older than a student respondent, more educated, and more male, MTurk samples still fare well in demographic representativeness when compared to both non-student adult samples and Internet-based survey samples (Berinsky et al., 2012) .
Investigations into demographic differences in samples do not measure data quality, and because crowdsourcing differs in method from traditional data collection, researchers have also attempted to gauge the level of data quality in myriad ways. Studies have examined social desirability, reliability, completion time, length of open-ended responses, and data consistency and completeness . Researchers have explored the reliability, validity, and replicability of data (Peer et al., 2014) . Some have investigated response rate, missing data or receiving truthful or honest responses (Bartneck et al., 2015) . Still others have assessed internal and external validity (Berinsky et al., 2012 ). Yet, as noted previously, questions still remain regarding data quality, particularly for the high-reputation MTMs.
Mechanical Turk Masters and Data Quality
One way that researchers have attempted to address issues of data quality from crowdsourcing could be to use these high-reputation MTMs. The highreputation MTMs have demonstrated accuracy on specific types of HITs and achieve this level of distinction by consistently completing certain types of HITs with a high degree of precision for a variety of Requesters (Amazon.com, 2016) . Though a past concern for online researchers has been to acquire and maintain a critical mass of members who are motivated to repeatedly participate in online surveys (Br€ uggen & Dholakia, 2010) , MTMs help alleviate this concern.
MTurk provides approval for their Workers past performances, and these approval ratings affect each MTurkers overall reputation. Once an MTurker first accepts and then completes a HIT, the Requester of the HIT can accept or deny the Workers product. Rejections reflect badly on that Workers rating, can reduce the types of HITs that a Worker can accept in the future, and will eventually affect the MTurkers reputation (Hauser & Schwarz, 2016) . However, Requesters can decide to pay grant bonuses in addition to the agreed compensation rate to MTurkers who do particularly well on tasks (Amazon.com, 2016) . Conversely, Requesters can demand that their Workers have either (a) an acceptable rating/reputation or (b) a minimum number of previously approved HITs. Many researchers seek to utilise MTMs to help ensure the data will be both reliable and credible as well as help them achieve research objectives (Peer et al., 2014) .
Prior research indicates that MTMs may indeed provide higher-quality data than do regular MTurkers. Peer et al. (2014) found high-reputation Workers rarely failed attention check questions (ACQs), provided higher reliability scores, demonstrated lower rates of socially desirable responding, and were more likely to remain attentive during tasks and pass instructional manipulation checks (IMCs; i.e. items designed to assess participants attention to instructions). In addition, Hauser and Schwarz (2016) posited MTurkers might learn to become more attentive and pass IMCs at higher rates over time through experience and exposure. It is plausible that MTurkers in general, because they are compensated based on the quality of the completed tasks, learn to be more attentive than traditional samples. Indeed, Huang et al. (2015) argue that IER is likely to occur when respondents are motivated to complete a survey without a clear incentive for data quality; obtaining the MTM label may be an incentive to provide high quality data.
In addition to the advantages offered by MTMs, Peer et al. (2014) also revealed a downside. Restricting participation to high-reputation Workers can reduce the size of the population from which a sample is derived, potentially extending the time needed to reach a required sample size. In addition, sampling bias could result when MTMs differ from MTurkers with low reputations on important dimensions. For example, MTMs who are more attentive to minor aspects of question wording and look for IMCs and ACQs may constitute a sample that is different in important ways from both normal MTurkers and more traditional, non-MTurk samples (Hauser & Schwarz, 2016) .
Research Questions Regarding Mechanical Turk Masters' Data Quality
The preceding literature review summarised research on MTurkers and MTMs, but research questions still remain. Thus, based on our review of research on crowdsourcing, online data collection, and survey research, we developed research questions for both quantitative and qualitative inquiry. As noted previously, we also sought to learn more about USbased versus India-based MTMs. Although dominated by Americans in its early stages, the MTurk labour pool turned increasingly international several years back (Silberman, Irani, & Ross, 2010) . In the past, research showed that approximately 80 per cent of MTurkers were US residents (Ipeirotis, 2010) , but now hail from all parts of the world. However, the majority of Workers are still from either the United States or India (Rand, 2012) . Asian Americans tend to be over-represented while Latinos and African Americans tend to be under-represented (Berinsky et al., 2012) .
Compensation. The first research question was developed around the notion of income and compensation. MTurkers are a contracted workforce (Gupta, Crabtree, Rodden, Martin, & ONeill, 2014) , for which terms of payment are pre-established by Requesters for each HIT. Payment is deposited into MTurkers accounts (via MTurk) once the task is completed and the Requester is satisfied with the product (e.g. survey responses). Unlike most work arrangements, MTurkers are often employed for only minutes and can quickly decide whether to begin or discontinue work from a Requester much more easily than traditional employment (Brawley & Pury, 2016) . Further, MTurkers complete most HITs without having direct communication with the Requester (Brawley & Pury, 2016) . MTurkers may have a minimum level of compensation that they will accept, and MTMs have access to better paying HITs because of their established level of expertise (Ellmer, 2015) .
Pay for HITs should influence acceptance of that HIT, and based on the notions of Equity Theory (Adams, 1965) , should also influence attentiveness during survey completion. That is, if pay seems low for the level of effort required by the survey, the respondent may be more likely to reduce efforts when responding. Conversely, when pay is high, MTMs may be more likely to put forth high effort. Of particular interest in examining the role of compensation for MTMs are the differences between US-based and India-based MTurkers. To the degree that these populations differ in terms of their total household income and the percentage that MTurk income represents, pay for the same HIT might be differentially motivating between MTMs in India versus the US.
Research Question 1: Does the MTMs perception of fair compensation for a given HIT motivate MTMs to accept work and remain attentive during survey completion?
Interest. While compensation is certainly a motivating factor to MTurkers, an interest in surveys may be a contributing factor towards participation (Kaufmann, Schulze, & Veit, 2011; Ipeirotis, 2010) . Research has not only shown that traditional participants survey enjoyment relates to their willingness to participate in survey research, but this enjoyment is related to myriad positive data quality outcomes, including item response rates and following directions (Rogelberg, Fisher, Maynard, Hakel, & Horvath, 2001 ). Meade and Craig (2012) argue that one factor that may lead to more careful responding is interest in the survey topic, and prior research indicates that IER is influenced by respondent motivation (Bowling, Huang, Bragg, Khazon, Liu, & Blackmore, 2016) . For experienced respondents like MTMs, however, does interest in the survey topic play a role?
Research question 2 is likely related to RQ1, which addressed income, and therefore is also likely to indicate differences between India-based and USbased MTMs if those respondents have differing levels of income. That is, while interest in the survey might be more motivating to someone who isnt as concerned with income, in a population in which income is more motivating, the survey topic might be irrelevant. No research at this time has addressed differences in cultures in terms of interest in crowdsourced surveys. Thus, the qualitative portion of the current study addresses this gap in the literature.
Research Question 2: Does the MTMs interest in a survey influence their motivation to start and complete the survey in an attentive fashion?
Setting. Researchers want respondents to remain attentive throughout a survey, so that they can provide high quality data. Yet, because MTurkers complete surveys outside of the view of researchers, there is little that investigators can do to control the environment. Allowing people to complete surveys any time and any place can introduce potential confounding variables that remain unknown to the researcher (Bartneck et al., 2015) . Online study participants have reported distractions such as cell phones and television (Clifford & Jerit, 2014) . Because MTurk participants are both unsupervised and anonymous, they complete surveys in various locations, and they tend to be financially motivated, some researchers worry participants are inattentive to instructions and could provide poor-quality data (Chandler, Meller, & Paolacci, 2014) . MTurkers complete tasks at their own convenience and can, therefore, be subjected to various types of disruptions in uncontrolled environments; these distractions can presumably act to diminish their attention and reduce data quality (Hauser & Schwarz, 2016) . In fact, Chandler et al. (2014) discovered that MTurkers tend to multitask the completion of surveys with other duties, which can lead to lower data quality (Meade & Craig, 2012) . Thus, Research Question 3 examines where MTMs complete surveys to better understand potential disruptions that could impact data quality. No research exists that compares Indiabased and US-based MTurkers in terms of the environment in which they complete surveys, and there is no anticipated differences in these groups.
Research Question 3:
In what settings do MTMs complete HITs and do these locations tend to improve or diminish data quality?
Self-Perceptions of Data Quality. The final research question asked MTMs about how they perceived their own data quality and what, from their perspective, researchers should do to influence data quality when using MTurk. Researchers often build elements into their surveys to increase respondent attentiveness and, in the end, data quality. The usefulness of attention checks as they relate to MTurkers remains undecided. Peer et al. (2014) found high-reputation Workers (e.g. MTMs) rarely failed attention check questions (ACQs), provided higher reliability scores, demonstrated lower rates of socially desirable responding, and were more likely to remain attentive during tasks and pass IMCs. In addition, Hauser and Schwarz (2016) believed MTurkers might have learned to become more attentive and pass at higher rates over time. Yet, it is possible that MTMs may become conditioned to specifically look for IMCs and ACQs when completing surveys (Hauser & Schwarz, 2016) . Thus, this may not indicate attentiveness on all survey items.
Some have suggested that MTurkers are less attentive to instructions than traditional research participants. For instance, Oppenheimer et al. (2009) reported crowdsourcing participants had lower pass rates on IMCs than did a pool of supervised college undergraduates. Crump, McDonnell, and Gureckis (2013) discovered that MTurkers might not fully read survey instructions. Others, however, have reported MTurkers attentiveness is analogous to more traditional participant samples. Goodman and colleagues (2013) , in their research with IMC effectiveness, concluded that MTurkers performed similarly to a supervised sample of community members that utilised pen and paper. Likewise, MTurkers, college undergrads, and an Internet sample all passed attention check questions at comparable rates (Paolacci, Chandler, & Ipeirotis, 2010) . Additionally, new research indicates that MTurkers pass ACQs at higher rates than participants from other crowdsourcing platorms (Peer, Brandimarte, Samat, & Acquisti, 2017) .
As noted above, several studies have measured and addressed how researchers approach methodologies to ensuring data quality, but the current study goes beyond these by directly asking participants their perceptions of these attempts. Further, MTMs were given open-ended items to explain their perceptions of their own data quality. If researchers are seeking high quality data, the investigation into MTurkers perceptions of data quality could be meaningful. It could be that their perceptions could inform researchers of data quality strategies that are more or less effective. As with Research Question 3, no differences were anticipated between American and Indian MTMs, but by examining these differences, we can provide more robust information for researchers who recruit from these populations.
Research Question 4: What do MTMs perceive about the quality of data they provide, and what do they believe researchers should or should not do to improve data quality?
METHOD
Participants and Procedure
In order to examine how MTMs attitudes and behaviours relate to data quality, we gathered data from 40 participants through an MTurk HIT. This sample size was chosen because of the qualitative component of the current study. It is comparable to similar qualitative studies (e.g. Burgoyne, Reibstein, Edmunds, & Dolman, 2007) , and should adequately represent MTMs to provide sufficient and detailed information about their perceptions of data quality. Participants were required to be employed in the US or India, and the resultant sample was comprised of 20 MTMs from the US and 20 MTMs from India.
The sample included 27 participants who had full-time jobs, 13 participants with part-time jobs, and two full-time students. Over half of the MTMs were self-employed (n 5 21), and of these, five participants identified MTurk as being their primary job (three part-time and two full-time). More males (n 5 28) participated than females (n 5 12). The average age of the MTMs was 36. Almost half of the respondents had a 4-year college degree (55%), while a fourth of the respondents had a Masters degree (25%).
We configured parameters to allow only MTMs to participate in the study. The posted HIT was named "Seeking help from experienced MTurk survey takers" and carried these instructions: "We are conducting an academic survey regarding attitudes and behaviors of MTurkers who complete many online surveys. This survey has primarily open-ended questions about your MTurk use. Please, only those people working in the U.S. or India may participate. You may only take this survey one time." Surveys were collected over the course of three days, and the reward per survey ($7.50) was slightly higher than minimum wage in the US (currently $7.25 per hour). The average survey completion time was roughly 45 minutes. In all, MTMs completed a HIT comprised of 46 total questions. Of these, 12 were considered quantitative (e.g. measured with Likert scales) that could be compiled statistically.
Survey
A combination of quantitative and qualitative survey items were written by the authors to address the research questions. These items and the research questions to which they correspond can be found in the online supplementary material for this article. In total, three quantitative and six qualitative items were designed to address RQ1, one quantitative and five qualitative items were designed to address RQ2, one quantitative and 14 qualitative items were designed to address RQ3, and six quantitative and eight qualitative items were designed to address RQ4. Three other items (one quantitative and two qualitative) were for general information, and demographic information was also assessed with multiple choice items. While the quantitative items were meaningful to identify basic information related to the research questions, much of the contribution of the current study was anticipated to be found in the responses to qualitative questions. Corbin and Strauss (2008) and Lester (1999) listed several reasons to conduct qualitative research, including the pursuit of or uncovering what lies behind a phenomenon, in this case completing regular HITs as an MTM. This study included codified research questions, systematic data collection procedures, and thorough analysis, which are all supported by Wolcotts (1982) directive to research only when one can first conceptualise what is being sought so as to clarify and focus the research. With these thoughts in mind, this study used a pre-structured, deductive design to describe and analyse MTMs cognitive processes, behaviours, motives, and attitudes as they pertain to participating in crowdsourcing survey research on Amazons MTurk.The open-ended questions were posed to the MTMs as an endeavour "to access a generally invisible population and see the world from their perspective" (Silberman et al., 2010, p. 39) . It was the researchers ambition to better understand the entire MTurk survey completion process from MTMs perspectives to discover issues MTMs feel impact survey data quality.
Data Analysis
Once the data collection period concluded, the researchers separated the data into qualitative and quantitative responses. Quantitative responses were analysed using SPSS. Qualitative answers were compiled and grouped by questions. The data from the qualitative, open-ended questions were analysed using recommendations of Miles and Huberman (1994) and Miles, Huberman, and Saldaña (2014) . In this study, we were interested in the words and ideas conveyed by the responses to open-ended questions. MTMs were afforded unlimited space for responses to the open-ended questions. This allowed us to amass a significant amount of text that gave valuable insight into the MTMs cognitions, perspectives, and intentions, albeit hidden in an unstructured data set.
As a first step in the analysis of the qualitative data, the researchers read participants open-ended responses multiple times to determine patterns in the data via a multi-step coding process. They identified common trends and topics as they related to cognitive processes, attitudes, and motives of MTMs. For the initial stage of coding, line-by-line analysis was performed; these preliminary codes were valid, mutually exclusive, and exhaustive (Miles & Huberman, 1994) . These included a priori codes related to the purpose of the study: attentiveness, pay, improvement, and quality.
Subsequently, all data were reread to refine and ensure both fit and exclusivity for each, and responses were marked using the codes developed by the researchers. Through multiple reads, the researchers found that new codes emerged. Examples of newly identified codes in the manuscripts were honesty, attention checks, brand, and survey experience. Once complete, an analytical approach to determine patterns and explanations began. This was followed by a more selective coding process of identifying raw data that confirmed and/or contradicted concepts identified in the coding. These were then organised into four broad categories: attributes, crowdsourcing, data quality, and recommendations. From these, a narrower set of key themes were identified to establish a meaningful description of the data (Taylor, 2001 ).
Finally, we conducted an analysis to discover patterns across data sources with quotations identified as representative of the identified patterns. The researchers created visual data displays, including a checklist matrix and a cognitive map to display appropriate and important data. The matrix allowed researchers to better understand data across questions and enabled significant themes to emerge (Miles et al., 2014; Hycner, 1985) . Thus, connections became apparent and data were condensed. The saturated categories and related concepts were combined to generate themes that could help present a conceptually rich interpretation of the data (Taylor, 2001) .
RESULTS
Quantitative Data
Results from the quantitative data regarding Research Question 1 indicated that the average US MTM (USM) earned US$2,243 monthly from their primary income source, while their average household income was US$4,893 monthly. Of this total, they averaged US$767 monthly from completing tasks on MTurk. In contrast, the average Indian MTM (IM) earned US$692 monthly from their primary job, and their average household income was US$1,131 monthly. Of this total, they averaged US$267 monthly as an MTurker. Comparing this information to prior research, Ipeirotis (2012) found that the typical household income levels of US MTurkers were relatively similar to the distribution of all US Workers, but their income levels had begun to shift towards lower income levels. In India, on the other hand, MTurkers have significantly lower income levels than the general population (Ipeirotis, 2010 (Ipeirotis, , 2012 . Interestingly, only 35 per cent of MTMs derived income working for other crowdsourcing platforms, while 65 per cent were loyal Workers for MTurk only. By far the main reason MTMs completed HITs was for income: 82.5 per cent of MTMs in our study noted income as the first or second most important motivator for completing HITs; all of them listed compensation in their top three.
Research Question 2 sought to determine the degree to which interest in a survey topic would motivate MTMs to select HITs and remain attentive throughout the task. Interestingly, the data indicated that only 18 per cent of the MTMs in our study had preferred areas of research in which they sought to complete HITs. It seemed only a small portion of MTMs searched for surveys and tasks in certain broad areas on the MTurk site (e.g. game testing or transcribing), but the vast majority of MTMs in our study (82.5%) did not seek out or complete surveys based on interest. Their particular interest in a survey topic was irrelevant; they selected HITs based on compensation. Overall, a total of 15 per cent of MTMs noted they tended to avoid HITs and even discontinued surveys that required excessive amounts of writing because of either time constraints or language barriers; this was true for 20 per cent of USMs and 10 per cent of IMs.
The quantitative data used to explore Research Question 3 (regarding their environment when completing surveys) indicated that most MTMs (78%) claim to give an MTurk survey their full attention with little to no distractions while completing the task. However, 22 per cent admitted to encountering interference and hindrance while attempting tasks, which likely leads to more careless responding (Meade & Craig, 2012) . In this data, there were differences in the Indian and US-based MTMs in terms of reported survey completion time. Ninety-five per cent of IMs indicated it took them at least an average amount of time to complete surveys; only one of the IMs reported they complete surveys quickly. Conversely, 65 per cent of USMs indicated their completion time was average or longer, and 35 per cent of them reported they completed MTurk surveys quickly. For those MTMs that described quick completion times, they reasoned it was because they were a quick/speed reader (75%), or they had been exposed to the same surveys/questions before and knew how to answer them (63%).
Both USMs and IMs generally completed HITs in one of two places: home (100%) and work (32.5%). A small percentage (10%) indicated that they complete HITs during their commutes, but this was typically secondary to completing them at home or at the office. These percentages were similar for both USMs and IMs. Interestingly, almost half (45%) of MTMs reported that home was the only place they completed MTurk surveys, with a similar pattern across both USMs and IMs.
Research Question 4 explored the MTMs perceptions of their own data quality and what they believe researchers can do to improve data quality. The vast majority of MTMs (87.5%) felt they had a lot of experience with online surveys; the other 12.5 per cent felt they had only average experience. Selfreported survey completion times are likely related to perceptions of experience. Researchers are likely to prefer a slower completion time in order to maximise attentiveness, while MTMs are likely to prefer quicker completion times to increase overall compensation. Items that assessed MTMs perceptions of their own data quality indicated that 70 per cent felt their data was very high quality, while the remaining 30 per cent felt their data quality was high. Interestingly, none of the 40 MTMs felt their data quality was average or worse; across both Indian and US MTMs, there was agreement that the data they provided was valuable.
Fifty-five per cent of the respondents claimed to be "very much" on the lookout for questions that are intended to be attention checks or to increase careful responding (IMCs and ACQs) while 37 per cent of respondents were "somewhat" on the lookout for attention checks. Thus, only 8 per cent of MTMs did not seem to be at all aware of attention checks of any kind while completing HITs. This trend and corresponding percentages were equal across both cultures.
When asked how carefully the average MTurker read survey instructions, cultural differences emerged. Fifty-five per cent of USMs believed MTurkers read directions somewhat carefully or not at all carefully, while the remaining 47.5 per cent thought MTurkers did read directions carefully. In contrast, 80 per cent of IMs felt MTurkers did read directions carefully. When MTMs were asked how carefully MTurkers read each individual question in a given survey, 95 per cent of IMs believed MTurkers read each question carefully while only 50 per cent of USMs felt the same way.
Qualitative Data
Before conducting an extensive text analysis on the responses to the openended survey items, we sought to determine basic information about the quantity of information given to these items to verify that the more prolific writers did not skew results. A word count of responses to all items indicated that for the group of respondents, there was a minimum number of 106 words written, a maximum number of 1,342 written with a mean of 505.88 words and standard deviation of 290.42 words. The median number of words written in these responses was 419. Despite the variation in length of response, it was rare for a respondent to leave an answer blank or to fill it with the words "nil" or "none" when such a response was not appropriate; specifically, only seven responses of 1,360 total opportunities (40 participants over 34 items) were left unanswered or inadequately answered. Thus, we have confidence in the representativeness of these open-ended responses.
Preliminary text analysis identified trends and topics that relate to data quality, a list of codes was compiled, and the data were marked with these codes. The second analysis narrowed the open-ended responses and corresponding codes into more meaningful sets of shared ideas and common concepts. As we marked reoccurring words and phrases from the text, patterns emerged. We then created a checklist matrix to give a visual representation of how the themes emerged. This allowed a broader understanding and flow of the abundant and complex data. Every care was taken to maintain a sense of the whole while attempting to extract the meanings of the participants in order to understand the essence of MTMs experiences (Hycner, 1985) . In this process, we established reliability by having two current authors involved in the coding and categorisation processes. A lead researcher first analysed the open-ended questions, made coding choices, and handed off to another researcher who checked the results and either agreed or disagreed on coding choices. Where coding disagreements arose, efforts were made to discuss and come to a decision. According to Elliott, Fischer, and Rennie (1999) , inter-judger consensus is only achieved when multiple researchers from the same team communicate their understanding of data, and mutuality is achieved between the readers. In addition, saturation of the data throughout the entire data set helped strengthen the validity of the study.
In the end, connections among MTM responses became apparent and the data were reduced into meaningful groupings. This resulted in four primary categories we felt accurately represented factors that impact data quality: MTMs Attributes, MTMs Perceptions of Crowdsourcing for Survey Research, MTMs Perceptions of Factors that Impact Data Quality, and MTMs Recommendations to Improve Data Quality & MTurk Experience. These four categories were further divided into subcategories, or themes, presented together in Table 1 .
After each category was explored, the themes found across multiple categories were identified as cross-cutting themes (see Table 2 ), which provide a necessary degree of integration and coherence to qualitative analysis (Patton, 2005) . Cross-cutting themes are critical because they are found across categories, cultures, research questions, and items; in essence, cross-cutting themes are the trends in the data that suggest more sensitive topics or concepts with increased meaningfulness. What follows is a summary of results of the four major categories that emerged from the open-ended survey items, along with detailed analysis and direct quotes from participant responses that provide evidence of each theme that was developed from the text. These findings are then linked back to the research questions developed for this study.
MTMs' Attributes
Income seekers. Recent studies have suggested income is now the primary objective of both Indian and US MTMs (Litman, Robinson, & Rosenzweig, 2015) , and the current study results indicate that in this sample, it is by far the most important reason for accepting a given HIT. When asked why they initially visited the MTurk website, most MTMs (82.5%) reported one of their two main reasons was to earn money either online or from home, and this motive cut across cultures and questions. Examples of those voicing income motives follow, from both US and Indian MTMs, were: "Pay. Go on any forum and youll see it boils down to money. People are doing this to make money" (USM) and "My family is a middle class family and I had to run from pillar to post to meet my familys needs. This information about Mechanical Turk came to me as a boon where I can work for some few hours and get additional income to meet my familys needs. I initially visited the website for earning money" (IM). These findings address RQ1, in that they indicate the importance of fair compensation to MTMs, because income is their primary motivation for accepting a HIT.
Labour Force Mentality. MTMs seem to think of themselves not as survey takers, but more like a labour force for MTurk. As such, they perceive that they face organisational challenges similar to more traditional work forces.
Throughout the text of the responses, several MTMs exhibited displeasure with and complained about Requesters in a manner one might expect an employee in an organisation to complain about management. MTM responses touched on the concept of justice, fairness, and respect. Some responses included: ". . .just because we are working from a computer doesnt mean we dont deserve a living wage" (USM) and "Workers will generally give you good quality work if they are treated like real human beings" (USM). Again, these findings address RQ1, in that MTMs see themselves as employees who expect a fair wage for the quality of their work.
Amazon Brand. The trust of and belief in Amazons brand is a reason many MTMs were initially attracted to and continue to work for MTurk. Several of the participants in this study mention how they were drawn to MTurk because they recognised and had confidence in the Amazon name. It was common in this study (and in various forums and websites) for MTurkers to selfname and/or refer to themselves as MTMs, showing identification not only with the specific MTurk platform, but also with the broader Amazon brand, as demonstrated by this quote: "I joined because of the Amazon name behind it, I felt it was a legit way to make some extra money at home" (USM). While RQ1 did not specifically address the notion of the reputation of Amazon as an employer, this confidence in Amazon is likely to be related to the MTMs belief that they can earn fair pay for work for Amazon.
MTMs' Perceptions of Crowdsourcing for Survey Research
Participant Honesty/Dishonesty. Less than honest efforts on surveys may be indicative of non-attentive behaviours (Barnette, 2000) . MTMs are aware of how untruthful/dishonest responses impact and potentially compromise researcher efforts.
Responses to the open-ended items about participant honesty elicited these examples: "I will admit sometimes when a survey is longer than expected and the pay doesnt match Ill try to speed through" (USM); "I know that I personally put in more effort to give exemplary data when I am being paid fairly" (USM); "One problem may be that people lie and not reveal their true feelings . . . Another issue is that, unlike a lab, you cant monitor that people are not distracted or pay full attention to the survey which could impact how they respond" (USM); "When the pay is low, there may be chances for the workers to answer without honesty" (IM).
Survey Incompletions. The MTMs gave a variety of answers as to why they may not complete surveys they started, with the more common reasons related to time. Respondents reported that surveys either take too long to complete compared to the advertised time or the MTMs cant complete the surveys in the allotted time (42.5%). Other reasons include low compensation rates for the work requested (40%), technical issues/losing Internet connection (27.5%), and they find out they are ineligible only after beginning the survey (27.5%). Most of the MTMs in this study had thrown back surveys (quit a survey before completion). An example from the respondents is: "The only time I throw back a survey is if it is broken, or lying about the time estimate, i.e. a survey that says $5 for 30 minutes and then on the consent form it says This survey will require 60-90 minutes of your time" (IM).
Pay Standards. By far, issues related to money, payments, and compensation dominated the qualitative responses across both cultures. Interestingly, though MTMs are comprised of those in different countries with dissimilar pay structures and divergent exchange rates, a type of self-pay standard has developed among most responders in our study. It seems that MTMs have developed a minimum standard (per minute, per hour, per survey, etc.) for which they will either accept or deny HITs. It sometimes revolves around a persons concept of minimum wage, but not always. This amount (as seen below) differs from MTM to MTM, yet the concept of pay standard seems to be rooted in MTMs: "Minimum wage is NOT acceptable to me. I typically do not complete surveys for less than $12-$15 per hour" (USM); "I complete any work that meets my minimum standard of $0.15/minute" (IM); and "When I first started working on mturk it was pretty new, so I didnt have a minimum amount of pay. But I found mturk forums, and now I established the minimum amount I will accept" (USM).
Repetitive Questions/Overused Surveys. MTMs, as a general rule, seem to encounter the same types of surveys, questions, or attention checks (ACQs and IMCs). While researchers include items like these to improve data quality through careful responding and sufficient effort, responses from the MTMs indicate that such items reduce the need for effort. That is, because of their familiarity with these types of items, MTMs are better able to expedite survey completion, which may or may not compromise data quality. Some quotes that demonstrate their attitude and beliefs toward repetition in surveys includes from a US MTurker: "Over the last 3 years of working on Mturk, you learn to speed read and you learn that most surveys have the same general questions in them. You learn to skim and learn what the attention and memory checks look like, so you are able to fill out a page of bubbles on a survey in seconds compared to minutes. Too many requesters have the same questions and attention checks and you just learn to spot specific words and are able to answer a lot faster as time goes on." An Indian MTurker wrote: ". . .I have done thousands of surveys, so have enough experience that what questions could be asked."
The four themes identified in this major category are directly related to RQ4, which relates to the data quality of MTMs in relation to researchers efforts. Additionally, the concerns about pay also address RQ1. These findings indicate that many of the reasons MTMs do not complete surveys are directly related to the information Requesters give and to the survey design.
MTMs' Perceptions of Factors that Impact Data Quality
Similar to the findings in the prior category of responses, this category of responses also primarily addresses RQ4, in that the MTMs identified characteristics of the surveys themselves that can reduce data quality. Yet, as before, the income-related reasons (as assessed in RQ1) are still relevant in terms of the time required by MTMs to complete the survey.
Amount of Time to Complete Survey. The amount of time it takes to complete surveys is one of the factors that seems to be most important to MTMs when selecting HITs. MTMs are sensitive to not only the time it takes to complete a survey, but also the amount of time the Requesters announce the survey will take. Survey completion time is the element on which most MTMs seem to base their pay. Some responses are "Ill check Turkopticon to see if the requester pays fairly or if they have a history of rejecting [surveys after completed]" (USM) and "Most people who work on Mturk are actually working and it is their livelihood. So we are expecting at least minimum wage as if we were working out [in] the world. No matter how long the survey is they need to make a good hour to payment ratio" (IM).
Attention Checks/Careful Responding. MTMs are very familiar with Requesters attempts to check the attentiveness of Workers. Over 90 per cent of MTMs are on the lookout for ACQs and ICMs. Below are some comments MTMs made about attentiveness and their perceptions of attention check utility (positive and negative), how it works, and their experiences with them. Two examples from responses were, "I am aware that there are quality checks which keep the workers focused and not to randomly click" (USM) and "Just because people miss [attention checks] does not mean they have failed to read and understand the survey. It is an accident. . ." (USM).
Experience Impacts Data Quality. The majority of MTMs feel experience is a benefit when taking surveys, and more experienced MTMs will improve the quality of data collected. Experience, in their minds, helps them complete tasks quicker and is a good gauge of the data quality one will be able to provide. Though a few who felt experience might actually hinder the data, these MTMs are overwhelmingly confident that experience enhances data quality. Participants gave responses such as these: "I have almost a million completed HITs and through rounding a 100% approval percentage. Total of 271 rejected HITs in over 8 years. This is a job for me and I give my best work at all times" (USM); "I have more experience and I am able to give more accurate date they want. Since I spend enough time in completing the task, it will be accurate result and the quality of the result will be high" (IM); and "Hire Master workers [to improve data quality]" (IM). These perceptions are to some extent borne out by research that indicates that MTurk workers in general fail fewer ACQs than participants from other crowdsourcing platforms (Peer et al., 2017) .
Clear Directions and Formatting. When asked about survey formatting and directions given, the textual data revealed several MTM concerns, primarily that they often feel directions are not explicit about what will be required in the study, either with eligibility checks or writing requirements. In fact, writing was a major deterrent of accepting HITs, especially amongst Indian MTMs. Examples of those voicing disdain over survey directions and formats are "If a survey is set up in a not so user friendly way, then its annoying to complete." When you see a page of hundreds of bubbles, you arent motivated to continue. If you see writing is involved, you dont really want to continue either" (USM). An Indian MTurker wrote: "There may not be proper briefing about the survey . . . after going through 2 pages you will come to know that you have to write 500 words on some topic which may be beyond my scope or more time consuming. Sometimes there will not be any indication about the length of the survey." And a US MTurker responded, "If you are not receiving the responses you want, go through your survey and see if anything is wrong. Proof read your surveys, make sure we understand the questions. Make the language as simple as possible. Ive seen lots of surveys where I had to figure out what the requester meant because they used large words incorrectly."
MTMs' Recommendations to Improve Data Quality
Comments categorised here relate primarily to RQ4, but also to RQ1. Time was a cross-cutting theme, and time related to fair pay again emphasised the importance of income to MTMs. When asked for recommendations to improve data quality, there was almost universal agreement that (a) Requesters should publish realistic completion times, and (b) lack of time allowed can lead to poor data quality, and (c) completion times arent that important. Two responses from Indian MTurkers illustrate this: "Researchers should give an average time to complete the survey to attain data quality. Otherwise the workers do the surveys very fast and it affects the accuracy of data" and "Realize fast people can do accurate work as well as slow people. Do not put a time limit on what you are expected to complete a survey. Of course beginners are going to take longer, but those with experience can complete a survey twice [as fast] than a beginner. So ignore the time it takes and just check the work. If the work is satisfactory, then what does it matter how long it took?" Fair Compensation. There is a strong sense of fairness amongst MTMs, both Indian and American. In fact, the term fair (fairly) appears over three dozen times in the text as it relates to pay, wages, and compensation. Most MTMs purportedly give quality data through fidelity of effort, and expect their services should be valued. Some responses were "I do these surveys for a living, so I do those I feel are fairly paid for the time involved" (USM), and "Not getting enough pay for the time spend by the worker means his work is a wastage . . . it may be that the worker selects random answers" (IM).
Eligibility Requirements. Many of the participants in this sample have completed surveys in which eligibility requirements are not reported at the survey start. This leads to lost time, lost money, and irritation when the MTM finds out in the middle or end of the survey they do not qualify to take the survey. MTM consensus is that these eligibility requirements should be clearly stated up front, even before accepting a HIT. An example response is, "I think communication should be upfront and clear in that a worker should not have to accept a hit in order to find out eligibility" (USM).
Requester Honesty/Trustworthiness. For their best efforts at fair prices, MTMs want to feel they can trust Requesters to be honest and dependable. That entails not hiding eligibility requirements, reporting good-faith estimates of completion times, avoiding questions deemed too personal, and not rejecting HITs without good reasons. Two US-based MTMs wrote, in these examples, "I would tell them to . . . check out their ratings on Turkopticon so they understand why people are not completing their surveys, and visit the mturk forums to introduce themselves so we feel comfortable with new requesters. And ask questions on the mturk forums. Also pay people a fair amount of money to complete the surveys" and "The survey sucks in one way or another. Either the hourly rate is just not going to be good, the content is disturbing/disgusting, or the requester tricked me in some way (saying bonus in the title when there is no bonus, lying about completion time, etc.)."
DISCUSSION
Summary of Findings
The purpose of this study was to better understand MTMs with regards to important components of online research through qualitative inquiry, namely their perceptions of pay/compensation, thoughts on attentiveness, and ideas to improve the crowdsourcing process. The results revealed interesting conclusions, some of which have yet to be captured in prior research.
Research Question 1 focused on MTMs perceptions of fair compensation. First, our data indicated that, similar to other studies (Kaufmann et al., 2011; Ipeirotis, 2010) , the primary motivator for MTMs by far is compensation. Further, there was a strong agreement by the MTMs in the study that the level of data quality they provided Requesters depended on their perceptions of fairness. That is, when MTMs accept HITs that had clear directions and paid a fair wage for the survey, MTMs were attentive, gave their best efforts, and produced quality data. On the other hand, when MTMs felt that they had been misled, deceived, or tricked by Requesters, they indicated their data was more likely to be of low data quality-sometimes on purpose. Therefore, while the low cost of conducting studies can be a benefit of MTurk, researchers should keep in mind ethical considerations and strive to compensate MTurkers fairly by estimating the true time it will take MTurkers to complete the study and then strive to pay them at least minimum wage (Kees et al., 2017) . In addition to compensation, some MTMs indicated they chose the Amazons specific crowdsourcing platform due to the companys solid reputation and strong brand which helps legitimise their work. MTMs feel a certain pride in their work and desire to be treated like any other corporate employee. Thus, much like employees in other professions, MTMs tend to be motivated by both money and by relational returns.
Research Question 2 sought to determine whether MTMs interest in a survey influence their motivation to start and complete a survey or impact data quality. Surprisingly, the content of the survey was not a very meaningful factor to respondents in terms accepting HITs. An appealing survey topic area could be a bonus, but it did not determine the type of HITs they chose, and there was no indication that their interest in the survey increased either their likelihood of completion or overall data quality. Some MTMs were not even aware that one could search HITs by topic areas. By far, the most prominent means of selecting HITs to complete was compensation; each MTM has their own perception of fair pay based on survey length/completion time, and as a group, they tend to be drawn to those HITS that meet that preconceived idea of fairness.
The purpose of Research Question 3 was to discover where MTMs complete MTurk tasks. Responses to these items did not appear in the important cross-cutting themes from the qualitative data. Yet, the results are still meaningful to researchers concerned with data quality, as location could influence attentiveness or the presence of distractions. It was somewhat surprising to discover that MTMs work almost exclusively from home. Every MTM in the study reported working on HITs from home, and almost half work only from home. Unexpectedly, MTMs do not complete HITs from their work location of offices very often. Though a few MTMs listed work/office as a place they do complete HITs, it was the second location choice for all of them; home was the primary location in every instance. In very few cases, a secondary location for completion was during a commute (e.g. while riding on a train). While the number of respondents reporting this was low, future research should consider how survey completion during commuting might affect the attention that the survey taker gives the task of survey completion.
MTMs have a strong sense that they are an experienced workforce providing quality data at a fair price. Many noted that MTurk was a job, one to which they are loyal and take very seriously. In light of this, it makes sense that they tend not to intermingle work from their primary job with MTurk tasks. Research Question 3 also attempted to determine how their location might impact data quality. The overwhelming majority of MTMs indicated that they complete HITs while fully attentive and with no other distractions around. Thus, it seems MTMs find that home is the best place to complete HITs because they tend to encounter fewer distractions, and they are able to give more attention to the HITs.
The final research question specifically addressed data quality. Open-ended items inquired about specific researcher efforts to improve data quality and the MTMs perceptions of them. First, the MTMs believed that if the compensation for the HIT did not match the time required, that there would be a reduction in data quality. This cross-cutting theme of fairness is evident throughout the results. Second, responses regarding the use of attentiveness checks by researchers indicated that MTMs are on the lookout for these, and that while they may slow down some MTurkers, their purpose is known to MTMs. MTMs also believed that their experience allowed them to provide data with more accuracy; that is, their familiarity with items and surveys produces more reliable and valid responses. Interestingly, while MTMs saw their experience and their ability to recognise attention check questions as a positive, many researchers may see this level of experience as problematic. These participants completion of multiple surveys and their non-naivety in survey taking could influence research results, and alternative crowdsourcing platforms with reduced participant experience have been explored (Peer et al., 2017) . Finally, the MTMs expressed frustration with poor directions or survey formatting, indicating that these can lead to reduced data quality. One important finding from these responses is that MTMs did not necessarily always provide high quality data, and these respondents admitted that characteristics of the HIT could motivate them to provide lower quality data.
The recommendations that MTMs gave to improve the quality of data acquired through MTurk were very similar to the notions of positive employee relations in any job-fair pay, honesty from the employer, and an opportunity to do the work. Many of the recommendations in the responses are simply good survey practice. Yet, even small things like underestimating the time to complete a HIT is perceived as a real threat to data quality by MTMs. In all, the findings of this study provide some new insights into the role of crowdsourced respondents. These detailed responses indicate a high motivation to perform well when paid fairly and a pride in work ethic and experience.
As has been noted throughout, there has been no prior qualitative research comparing MTMs in India versus the US. Thus, there was little guidance as to what we could expect in terms of differences in these two populations in our research findings. The sum of the quantitative and qualitative findings in the current study indicates very few differences between these two MTM groups. The first exception to this is the reported income levels of Indian MTMs, which in this sample were lower than US-based MTMs. Prior research indicates that pay is the primary determinant of MTurk participation in general, and differences in overall income, may indicate that HIT pay may be more attractive to Workers with overall lower income levels. The second notable difference in the two populations was that more US-based MTMs believed that they completed surveys faster than average than did Indian MTMs. As pay is often set for survey completion, slower completion usually means lower pay per hour, which may affect Indian MTMs more strongly. Despite these two findings, the remainder of the quantitative and qualitative results indicated no meaningful differences in these two primary geographic MTM populations. This can give researchers some degree of confidence that these groups may be considered similar in terms of data quality.
Limitations and Future Research
This study is a first step at qualitatively understanding the perspectives of MTMs, and as an initial approach to these research questions, there are a number of limitations to this work. First, while a sample size of 40 is large by qualitative standards, the generalisability of conclusions from this sample is limited. In particular, our use of open-ended questions might have produced range restriction, because even the MTMs in our sample indicated a distaste for writing. Yet, our survey description included information that writing was required, and our pay for the survey was high. Future research that quantitatively tests the conclusions of this study is warranted. Additionally, future research should look at a broader range of cultural groups who work as MTurkers. Although US and Indian MTurkers comprise much of that workforce, conclusions about these participants cannot necessarily be generalised to populations in other nations, and future research should measure a broader cultural spectrum of MTurkers.
Finally, MTMs-the most experienced and seasoned MTurkers-by their own admission, do not always provide reliable and/or valid responses to surveys. Indeed, research indicates that MTurk respondents may be less honest than respondents from other crowdsourcing platforms (Peer et al., 2017) . Thus, their responses here must be viewed with some caution. One would not expect respondents on such a survey to claim dishonest behaviour in the past if it did not exist; nevertheless, the veracity of the current study responses must be considered in light of these statements. Future research would benefit greatly from a closer investigation of IER of this population in relation to the concerns noted by MTMs.
Implications for Researchers
One of the primary contributions of the current study is the degree to which it can inform researchers as to how they might improve their data quality when collecting data through crowdsourcing. Indeed, the responses to this study, coded to identify cross-cutting themes, provide strong evidence for the following recommendations to researchers. First, be as honest as possible as a Requester about the purpose of the study, the time to complete, and the eligibility requirements. Silberman et al. (2010) found that MTurkers can fall prey to Requesters who do not pay, completing HITs that are scams (e.g. giving personal information) or infect computers with spyware, or bearing the burden of HITs that do not provide adequate instructions and end with non-payments. Participants in the current study indicated that MTMs had increased IER throughout a survey if it was clear that the time to complete was longer than promised, or that the pay was not adequate. Notably, MTurkers can choose or avoid tasks offered by certain Requesters based on Requester reputations (Brawley & Pury, 2016) , which can be determined through external forums (e.g. Turkopticon) and Webpages. On these sites, communities of MTurkers review the posts of other MTurkers on specific Requesters and provide MTurkers with pertinent information when deciding to either accept or not accept HITs from certain Requesters . Similar to prior research that suggests survey length may increase careless responding (Meade & Craig, 2012) , a longer-than-promised survey in relation to the amount of compensation creates a sense of unfairness in the minds of MTMs, which may also increase IER.
Second, pay fairly, particularly based on the time required to complete the survey. As MTurkers are increasingly reliant on MTurk for both full-time employment and a sustainable source of income, some researchers have recommended Requesters price tasks based on time, design efficient tasks that do not waste MTurkers time, more fully disclose terms of payment and reasons for non-payment and follow those terms of payment, and create a grievance process (Bederson & Quinn, 2011) . Some researchers recommend Requesters determine fair compensation based on the pay rates of comparable HITs, or compensation based on the estimated time requirement of their HIT in relation to the hourly rate (Barger, Behrend, Sharek, & Sinar, 2011) . As pay was a strong theme in the qualitative responses to the current study, it should be a primary concern for researchers. Finally, proofread the survey so that it is transparent and honest and less likely to waste the time of an MTurker. If researchers hope to have attentiveness from respondents, they gain favour by showing they have provided their own attentiveness to their survey. While these recommendations would be meaningful in any survey context, the current study findings indicate that MTurk data quality is likely to be dependent on the researcher paying close attention to these HIT attributes.
In conclusion, this study is the first to take a qualitative approach to understanding the motives and perspectives of experienced MTurkers in regards to data quality in survey completion. Participants responses indicate that these Workers are attuned to the data quality concerns of the researcher and their own attentiveness and carefulness. As more researchers turn to experienced crowdsourcing platforms for data, understanding this population is vital to the efficacy of research.
